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Advances in genomics enabled high-throughput
screening of cell state response to perturbations
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ML predictions enable comprehensive mapping of
perturbation response space
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Related work and remaining gaps
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PerturBench Overview
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Baseline models
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PerturBench fills a gap in model development ﬂ
infrastructure -
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Distribution metrics capture perturbation response
heterogeneity
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Results
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Predicting drug effects in unseen cell lines
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Model performance improves as training data increases n
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Dual gene overexpression effects approximately linear

Cosing
Normani9: iy

0.005 £ 2E=3
00085 & 1E=3

0.017




mcerLab Lilibil;

Model performance improves as training data increases H
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Increasing data imbalance hurts model performance
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Model performance improves as training data increases
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Limitations
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PerturBench Overview

Modular model




